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1 Introduction

Appearance bias in the labor market has been widely documented in the literature. Attractive

individuals generally land better jobs and make more money than plain-looking ones (Hamermesh,

2011). Less is known, however, about the role of appearance in the academic labor market. Since

the main criterion for hiring and promotions of scholars is research productivity, we would expect

that what matters is brains, not looks. However, literature has established that some aspects of

individuals’ performance may depend on their attractiveness. In this paper, we study empirically

whether academic scholars’ success depends on their looks, using the field of economics as our

laboratory.

The field of economics within academia is perfectly suited for the analysis of the role of ap-

pearance, because economists regularly produce rankings of economics departments and have well

defined and readily available measures of researchers’ productivity. For these reasons we are able to

distinguish between the following outcomes: the quality of the job, given by the institution’s pub-

lished rankings; the researcher’s productivity effort, measured by the number of published papers;

and the success of publications, measured by the number of citations. Moreover, there is a very

clear promotion process where individuals undergo a tenure review that determines the ranking

of the job we last observe in our sample (which is a few years after the tenure decision). As a

result, our analysis goes beyond many of the studies in other employment areas where job quality,

productivity effort, and success cannot be measured separately.

To explore the role of appearance in the academic labor market, we construct a data set of

752 individuals who graduated from ten of the top economics departments in the United States

between 2002 and 2006. The data include their publications and placement outcomes, as well as

a measure of how attractive they are, as ranked by 241 independent anonymous evaluators. We

investigate whether the graduates’ placement and success in finding a higher-ranked academic job

and in publishing successful papers depend on how attractive they are rated. Our hypothesis is

that appearance does matter, even in the academic labor market, reflecting both the demand for

attractive individuals and the positive effects of this demand on individuals’ self esteem, confidence,

and therefore success.
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We find that appearance matters for individuals’ academic success in persistent ways. At-

tractive individuals are more likely to be placed in higher-ranking PhD institutions, and upon

graduating, they are more likely to be find jobs in the private sector than jobs in academia or the

public sector.1 Within academia, attractive-looking PhD graduates are more likely to be placed at

higher-ranking institutions for the first job. Controlling for both the PhD institution and first job

rankings, we find that appearance predicts the ranking of subsequent academic jobs.

Appearance doesn’t only predict job placement but, perhaps more surprisingly, it also predicts

success of the research output.2 More attractive economists are cited more overall and per publi-

cation, which is consistent with earlier findings (Fidrmuc and Paphawasit, 2018). Importantly, the

number of papers is not predicted by appearance, suggesting the association between appearance

and success rather than appearance and effort. All these effects are robust to sample and specifica-

tion, are rather substantial in magnitude, with a one standard deviation increase in attractiveness

score increasing the probability of an above-median outcome of job placement and citation count

by 7-9 percentage points, depending on the outcome considered.

Why would appearance matter for academic economists’ success? Beauty matters in the labor

market because good looks are appreciated by co-workers, bosses and customers (Biddle and Hamer-

mesh, 1998; Babin et al., 2020). Moreover, being beautiful attracts positive feedback and fosters

positive interactions with others (Jackson et al., 1995; Langlois et al., 2000) and thus boosts an indi-

vidual’s confidence and charisma and hence effectiveness in every aspect needing human interaction

(Thornton and Ryckman, 1991; Mobius and Rosenblat, 2006; Judge et al., 2009). Better-looking

people are therefore more likely to be hired and, when hired, to get higher wages (Hamermesh and

Biddle, 1994; Bóo et al., 2013). With academic careers, appearance may work in similar ways.

Colleagues and students may demand good looks either because they enjoy and value looks, be-

cause they believe the attractive person is a better scholar (Dion et al., 1972), or because the

attractive person actually is an effective teacher and scholar. In a study of politicians, Berggren

et al. (2010) find that perceived beauty is correlated with perceived competence and perceived in-

1While for many PhD economists private sector is not a preferred job outcome, this is consistent with the appear-
ance premium in the private sector: at the margin, more attractive individuals face better set of private sector offers
and therefore are more likely to choose such jobs.

2We only focus on research productivity. Sen et al. (2010) find that teaching productivity is more affected by the
“hotness” ratings from students than research productivity.
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telligence, which suggests an additional mechanism for the importance of appearance in academia.

In our study, however, we only found a small correlation between perceived attractiveness and

perceived intelligence.3

While attractiveness has been linked to higher probability of obtaining jobs (Beam et al., 2020)

and higher income (Hamermesh and Biddle, 1994; Langlois et al., 2000; Harper, 2000; Judge et al.,

2009), it has been harder to provide evidence on actual higher productivity of attractive individuals.

Using data on academic publications, we are able to move beyond the apparent employer prefer-

ence for attractiveness to show that attractiveness also predics higher measurable outcomes. More

attractive economists publish papers which have more citations. While we cannot test for specific

mechanisms of this effect, the literature suggests the following possibilities. Attractive economists

may be invited to more conferences,4 because they present their work more convincingly, or be-

cause they are sought after as co-authors. The higher productivity of attractive scholars partially

explains why they succeed in landing good jobs, as the hiring committees may expect their future

productivity to be high. However, we show suggestive evidence that looks matter for job quality

above and beyond their impact on productivity.

In Section 2 we describe our data, in Section 3 we present our empirical approach and results,

and in Section 4 we offer some concluding thoughts.

2 Data

Our data set contains information on all graduating students from ten of the top economics de-

partments in the United States over the years 2002 to 2006.5 For each graduate student we observe

race, gender, graduation year, dissertation field, and the student’s career path upon graduation

and up to fifteen years after graduation. Career data include the number and quality (impact)

of publications, tenure status, institution, and the institution’s rank. Appearance data include

3Since perceived intelligence in our analysis does not have much predictive power, we do not report these results
and focus on attractiveness ratings only.

4Positive relationship between attractiveness and public speaking invitation and fees, at least for social sciences,
is demonstrated in Bi et al. (2020).

5Choice of universities was dictated by data availability, and includes Berkeley, Chicago, Harvard, MIT, NYU,
Northwestern, Penn, Princeton, UCLA, and Yale.

4



the average attractiveness ratings of individuals’ 2011 online photographs, as ranked by a random

sample of 241 evaluators.

2.1 Career data

Data for graduates from ten of the top PhD programs in economics in the United States were col-

lected based on each institution’s library catalogue of dissertations for the years 2002-2006. When-

ever library data were unavailable, we collected the data from ProQuest’s dissertation database.

From the dissertations’ titles we extracted data on the field of research.6 Overall, our sample

includes 986 PhD graduates, but the regression sample varies based on data availability for each

outcome. The number of observations for each regression type is summarized in Appendix Table A1.

Data on job placement are based on an institution’s placement records and an online search of

CVs. For publication history we obtained the cumulative number of publications and citations for

each individual in each year in our data set from Harzing’s “Publish or Perish” engine, which itself is

based on Google Scholar search.7 Ranking of economics departments was taken from RePEc (2019),

with a rank of 1 indicating the most highly ranked department based on faculty’s impact-adjusted

pages published in top 50 journals.8

The descriptive statistics for our sample are presented in Appendix Table A2. Our analysis

sample consists of all students who graduated with a PhD in economics from ten of the top institu-

tions between 2002 to 2006 for which we could find online photographs. There are 752 individuals

of which 183 are women.9

Summary statistics for career variables are in the bottom panel of Table A2. The average

RePEc (2019) rank of the PhD institution of our graduates is 16.7. Of the 636 graduates for which

we have information regarding their first job, 75 percent were working in academia, 15 percent in

a government or a public sector institution, and 10 percent in the private sector. Of those working

6Fields were coded using JEL classification into the fields of Econometrics, Micro/Theory, Macro, International,
Public, Labor, IO, Devel/Growth, Finance and Other.

7Publication data were extracted during 2017.
8Ranking data was extracted in September of 2019. Our results are robust to using 2017 rankings instead.
9The share of women in our sample is the same as the share of women among all graduates in those ten of the

top economics department during those years, regardless of the availability of the photograph.
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in academia, the rank of the institution appears in the RePEc (2019) data for 388 individuals. The

average rank of these first job institutions was 148.2. For the last observed (academic) job recorded

in our data (in 2017), the average rank was 171.3, with 90 observations lost between the time of

first job and last observed job. Overall, in 2017 (11 to 15 years after graduating), the average

number of citations was 2103, and the average number of publications was 78.10

2.2 Appearance ratings

After collecting the photographs, we relied on online evaluators to provide appearance ratings. We

adjusted raw ratings to account for heterogeneity of evaluators. We also analyze heterogeneity in

the quality of the photographs to determine which confounding factors we need to control for in

our regressions.

2.2.1 Method

Photographs of the individuals in our sample were collected online from official web pages in 2011

with the total of 752 photographs collected. Individuals were rated for how attractive they were

based on these photographs by 241 U.S.-based workers of Amazon Mechanical Turk (AMT), an

online marketplace for online workers.11 Each evaluator was referred to a password-protected site,

where the person provided their personal details such as age, gender, country of primary citizenship,

and years of education. Each evaluator was then asked to rate the appearance of 50 individuals

in our sample based on the photographs. The question asked about each individual photographed

was: “On a scale of 1 to 10 (1 - not at all, 10 - very much), do you find this person attractive?”.

Summary statistics on evaluators are presented in Appendix Table A3. Half of the evaluators

were women, the mean age was 33, and they had on average 15 years of education. Each of the

AMT evaluators rated 50 photographs. On average, each photograph in the sample was viewed

10This number of citations substantially exceeds the numbers reported by Hamermesh (2018) for the same stage of
the career. This is because in Hamermesh (2018) the sample of individuals includes those who graduated from “top”
30 schools, while we focus on “top” ten.

11Individuals were also rated for how intelligent they appeared based on these photographs. We asked for both
impressions, since it was not clear a priori which dimension of appearance is most relevant for hiring, promotions,
and overall academic success. Here we only report the results for attractiveness, because we did not uncover robust
patterns for the effects of “looking intelligent” ratings.

6



and rated by 14 evaluators. The race of raters was not collected, however, at the time the data

was collected, the AMT worker population included 83.5% whites and 4.4% blacks (Berinsky et al.,

2012).

The ratings for each photograph were averaged across evaluators to produce the raw attrac-

tiveness score of the photographed individual. To capture the extent to which there was agreement

on the appearance rating of each graduate, we also recorded the standard deviation of the ratings

for each individual photographed. Evaluators tend to have idiosyncratic benchmarks when rating

individuals’ photographs and may vary in their tendency to give high or low ratings. For example,

a rating of 1 given by a tough evaluator may be more equivalent to a rating of 3 given by a more

lenient one. To standardize the appearance ratings across evaluators, we rescaled each evaluator’s

ratings into a percentile ranking based on that evaluator’s distribution of ratings. Since each eval-

uator rated 50 photographs, which were randomly and independently chosen from the sample, we

assume each evaluator viewed photographs that were similarly distributed in terms of their appear-

ance. The standardized appearance score for each individual in our sample was constructed as the

average of the standardized ratings. For the rest of the analysis, we use this standardized score.12

Figure 1 depicts the distribution of the raw attractiveness for men and women. It can be seen

that the whole distribution of attractiveness for women is shifted to the right relative to men’s

attractiveness distribution.13 Given the established finding that in the general population men are

judged to be on average as attractive or good-looking as women (Hamermesh, 2011), this implies a

selection of women in PhD economics programs such that they are on average better-looking than

men in these programs.

2.2.2 The Characteristics of Photographs

A concern might arise that a spurious correlation between the attractiveness of an individual and her

academic success is driven by the quality of the photograph. This would be the case if higher ranked

institutions produce better photographs which are taken professionally for the best appearance. If

12In the robustness analysis we show that when we use raw scores instead, the results are qualitatively the same
but are less precisely estimated.

13This is also true for the standardized attractiveness score we use throughout.
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this were the case, the relationship between the rank of the institution and the attractiveness of

their employees would be the result of reversed causality, and not because attractive individuals

land better jobs. It is also possible that attractiveness, as reflected by a photograph, can be

manipulated by individuals (by dressing in business attire, by choosing a professional photographer,

or by smiling), and the individuals or schools that manipulate the quality of photographs are a non-

random subsample of our population. Another possibility is that more meticulous people have both

better photographs and better papers. Therefore, we might find systematic differences between

individuals based on their assessed attractiveness when, in fact, it is their ability or school quality

that determines the quality of photographs.

Previous research has shown that the quality of photograph or the degree of primping has little

influence on perceived beauty (Hamermesh et al., 2002). However, to fully address this concern,

we investigate the role of the quality of the photograph. All photographs were coded for their

size, background setting (home/leisure, office, or highly professional), dress code, and whether the

individual in the photograph was smiling or not.14 The descriptive statistics are found in Appendix

Table A4. The size of the photographs wasn’t uniform, with 11% being larger and 4% being smaller

than usual. Some 56% of pictures had the photographed person smiling in them. Of all pictures

32% were taken at home and 34% were taken professionally. In 72% of the photos the individual

was dressed for business.

We first test whether appearance rating depends on the characteristics of the photographs. To

do so, we ran an OLS regression model predicting the attractiveness score based on the photograph

characteristics (see Appendix Table A5). A large photo increases the attractiveness score for men

(by 0.05). Smiling increases the attractiveness score of women (by 0.05). Having the photo taken

at home is associated with a higher attractiveness score for men.

Because the coded characteristics of the photograph may be correlated, we conducted a factor

analysis of the 6 photograph characteristics: large photo, small photo, photo taken at home, photo

professionally taken, subject in business attire, subject smiling. This analysis revealed that the

six items loaded on three distinct dimensions: professional photo, subject smiling, large photo (see

14Smiling has been found to be associated with a higher perception of beauty (Reis et al., 1990; O’Doherty et al.,
2003).
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Appendix Table A6). In all regression models we control for these three photograph quality factors.

3 Empirical Analysis

We are now ready to investigate whether attractiveness scores predict academic success at each

career stage. We first present our empirical approach and the results. We then discuss the magni-

tudes of the effects and provide the interpretation of the findings. Finally, we conduct robustness

tests.

3.1 Empirical approach

Most of our dependent variables are ranks or counts. Therefore, it is unreasonable to assume that

any explanatory variable will have a linear effect on the dependent variable. For this reason, our

main approach is ordered logit.15 Specifically, we estimate the following regression:

Pr (Yi = k) = Pr
(
zk−1 < X′iβ < zk

)
=

1

1 + e−zk+X′iβ
− 1

1 + e−zk−1+X′iβ
, (1)

where k is a given outcome value, zk is the set of estimated cutoffs of the latent variable, X′i is

the matrix of explanatory variables, and β is the coefficient that is assumed to be the same across

cutoffs.

Since we only observe ten PhD institutions, we use the ranking of these institutions as our

outcomes. For first and last observed job rankings, which have many values, we compute deciles

in their distributions and use deciles as our outcome variables. Similarly, since citation counts

can take on many values, we compute deciles of the number of citations to use as our outcome

variable.16

The only variable that is not ordered is the type of the first job. For this regression, we

15This approach is less parametric than using, for example, log-linear regression, in that it does not require a
functional form for the effect of a latent variable on the outcome, due to estimated cut-off constants. Our results are
robust to using OLS instead of ordered logit.

16Our results are robust to using percentiles instead of deciles.
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estimated a multinomial logit model with outcomes j = {private, academia, government}:

Pr (Yi = j) =
eX
′
iβj∑

n∈{j} e
X′iβn

, (2)

where βj vary by outcome.

3.2 Results

We begin by testing whether the rank of the PhD granting institution is associated with attractive-

ness. This is important for two reasons: first, the results will tell us whether attractiveness might

be a factor in graduate admissions and PhD completion probability (although we cannot distin-

guish between these two because we only observe graduation data); second, it will tell us whether

we need to control for the rank of the PhD institution in other regressions. Next, we test whether

attractiveness helps predict the type of the first job individuals land after graduation: academic,

government, or private sector. We then zero in on the ranking of academic institutions and test

whether the ranking of the first job as well as the ranking of the last observed job are predicted by

attractiveness. Finally, we test whether quality and quantity of publications, together reflected by

citation count, are predicted by authors’ attractiveness scores.

PhD Institution. Table 1 reports our results for the effect of attractiveness on the ranking of the

PhD institution. Remember that the best institution is ranked 1 and note that we report regression

results as odds ratios, with the lack of the effect represented by a coefficient of 1. In the binary

specification with no control variables, and the only explanatory variable being attractiveness score

(column (1)), we find a strong and significant effect: more attractive individuals get their PhDs

from better ranked schools. The effects remains effectively unchanged if we include indicators for

cohort (year of graduation, column(2)), or for characteristics of the photographs (column (3)).

This finding could be driven by two factors: either more attractive individuals are more likely

to be accepted into higher ranked schools, or, once accepted, more attractive individuals are more

likely to complete the program, or both. Since we don’t observe PhD program admissions, but only

graduations, we cannot disentangle these two effects. Since the ranking of the PhD program is likely
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to be important to the development of academic careers, and it is correlated with attractiveness

score, we will control for the ranking of the PhD program in all our subsequent regressions to isolate

the direct effect of the attractiveness score.

First job. We first test whether graduates’ appearance predicts which sector job they will land,

i.e., whether they will work in the private sector, academia, or the government (including interna-

tional organizations). The results are reported in Table 2 as odds ratios. In the first column we

don’t control for photo quality factors, in the second we do. The omitted category in the regres-

sion is “private sector.” Thus, coefficients on attractiveness below 1 indicate that graduates with

lower attractiveness scores are much more likely to end up in either academia or government jobs,

compared to the private sector. This result echoes Biddle and Hamermesh (1998) who document

the selection of attractive-looking law graduates into the private sector. This suggests that attrac-

tiveness has more value in the private sector, either because in the private sector there are end

consumers who care about appearance, or because regulation mitigates the attractiveness premium

in the public sector or academia. Note that there is no statistically significant difference in terms

of the effect of attractiveness between academic and government jobs.

Interestingly, the rank of PhD institution does not have an effect (the odds ratio is quite

precisely 1), suggesting that the distribution of first job type is the same for graduates of all the

PhD institutions we considered.17

We now focus on academic careers and test for the effect of attractiveness on the ranking

of the first academic job. The results are reported as odds ratios in Table 3. As before, lower

rank number indicates a higher quality institution and in this case we group institution ranks into

deciles. We control for cohort indicators in all regressions. In the first column, we test whether

the rank of the PhD institution predicts the rank of the first academic job, and find that there is,

indeed, a positive and statistically significant, but rather small, effect. Thus, we continue to control

for the rank of the PhD institution. We add the attractiveness score in column (2) and find that

higher score is strongly associated with better quality institution, including when we control for

the picture quality (column (3)).

17Since we focused on top schools, we do not believe that this particular result generalizes to the overall population.
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Putting the two sets of results together we have to acknowledge a possibility of a selection

problem in the effects of attractiveness on the ranking of the first academic job. For PhD students

in top PhD programs in economics, private sector jobs are usually not a top priority, especially for

the best students — most students consider academic positions as their first choice and the reason

they enrolled in these programs in the first place. Students with lower perceived ability likely have

a choice between lower-ranked academic offers (if any) and private sector jobs. Among those, more

attractive students are likely to see higher quality private sector jobs for reasons discussed in the

literature. As a result, less attractive students with lower perceived ability are more likely to end

up in lower-ranked academic positions than more attractive students. This would result in the

positive association between attractiveness and quality of the first academic job that we find in

Table 3. This is not, however, a problem for the rest of our analysis once we control for the rank

of the first academic job.

Later jobs. Why would graduates’ appearance be relevant for the hiring outcome? If appearance

and ability are related but ability is not fully observed, appearance would turn out to be significant

in predicting employment outcomes, whether or not employers care about appearance independent

of ability. To distinguish between these two possibilities, we can use the insights provided by Altonji

and Pierret (2001). If the coefficient on appearance falls over time, we can infer that appearance

initially serves as a signal of ability, and that its importance as a signal declines over time as more

information of true ability is revealed. Thus, observing a declining coefficient on attractiveness over

time can provide evidence for statistical discrimination.

To test whether the effect of appearance becomes weaker with time and information, we look

at the ranking of the job held by individual in 2017, when we completed our data collection,

conditional on the first job.18 The results are reported in Table 4.

In column (1) we include the rank of the PhD institution and rank of the first job and find that

both have a positive and statistically significant effect, but rather small in magnitude. In columns

(2) we add the attractiveness score, and continue to control for the rank of the PhD and first job

18In these regressions we limit the sample to those whose last observed job was in academia. We do not, however,
exclude individuals whose first job post-graduation was outside academia. Our results are robust to excluding them.
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institution. In column (3) we add the picture quality factors. We see that attractiveness continues

to be an important factor, with coefficient only slightly smaller (and not statistically different) than

we observed for the effect on the ranking of the first job. More attractive individuals end up with

higher ranked academic positions, even conditional on the ranking of their PhD program and the

ranking of their first job. Thus, we do not observe a decline in the importance of attractiveness

for hiring and promotions in economic departments, which makes it unlikely that our results are

explained by statistical discrimination.19

Publications and citations. We now turn to analyze the effect of appearance on actual research

productivity. The main measures of research output for academic economists are their publications

and citations. In fact, economists are evaluated and promoted based on the quality of their pub-

lications (Heckman and Moktan, 2020). Thus, we compute deciles for the number of publications

and the number of citations for each individual. Using these deciles as our dependent variables, we

estimate an ordered logit model, as for job ranking. In these regressions we control for the rank of

the PhD institution and the rank of the first job, since both of these are predetermined at a time

we collected publications and citations data (in 2017).

We find no effect of attractiveness on the total number of publications.20 This suggests that

the “effort” aspect of productivity is not predicted by appearance. However, we do find that

attractiveness predicts the success of publications, as measured by the number of citations. These

results are reported in Table 5. In the first column we show that better quality (lower rank number)

institutions are associated with more citations, as expected. In columns (2) and (3) we show that

the total number of citations is predicted by with attractiveness, whether or not we control for the

picture quality factors.

The total number of citations is composed of the number of publications and the citation

count for each paper. We already established that the number of publications is not associated

with attractiveness. Thus, in columns (4) and (5) we add, as a control variable, the total number

19We cannot rule out, however, that the reason is that we don’t observe people for long enough: the number of
years from first job hiring to last observed job hiring or promotion decision (8 on average) might not be enough for
alternative information about true productivity to be revealed.

20These results are not reported but are available from the authors upon request.
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of publications. Essentially, these regressions estimate the effect of attractiveness on success of an

average paper. We find a very strong effect of attractiveness, and conclude that there is strong

evidence that average citations per paper are significantly higher for more attractive individuals.

Given this finding, it is worth revisiting our last observed job results. Perhaps better research

success is an omitted variable in our regression reported in Table 4 and its effect is captured in the

appearance measure. To test for this possibility, we test whether the effect of appearance on the

ranking of the last observed job remains even after we control for the number of publications and

citations. The results are reported in Table 6. We acknowledge that the ranking of the last observed

job and success of publications as well as their number are likely jointly determined in our data.

For this reason, we interpret these results as only suggestive. We find that, even controlling for the

number of publications, number of citations, or both, attractiveness has residual explanatory power

for the quality of the last observed job, suggesting that attractiveness matters for job outcomes

above and beyond its effect on research success.

3.3 Discussion of the results

Why might appearance matter for citations, given that economics publications usually do not

include authors’ photos, and are supposedly cited for their contribution to the literature and in-

fluence alone? There are many potential mechanisms discussed in the literature. Attractiveness

has been found to be related to individual characteristics that are developed through a process of

expectancy confirmation (Darley and Fazio, 1980; Langlois, 1986; Langlois et al., 2000). In this

process, stereotypes regarding attractive people being more competent than less attractive people

generate expectations that lead to consistently differential judgment and treatment (Jackson et al.,

1995). These expectations are internalized and the differential treatment causes development of

differential behavior, traits, and self-views (Judge et al., 2009). Thus, attractive people become

more confident and therefore might be more likely to solicit constructive comments, and, as a result,

may produce higher quality papers that are cited more. Due to higher confidence, they might be

more likely to submit their papers to conferences and therefore their papers will get more exposure.

They might also be more charismatic when presenting their papers and therefore provide better
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marketing for their papers and, as “good presenters,” might be more likely to be invited to seminars

and future conferences.

To evaluate magnitudes of the effect of attractiveness on career outcomes, we plot the dis-

tribution of predicted probabilities evaluated at means of all variables vs. predicted probabilities

evaluated at mean plus one standard deviation of attractiveness and means of other variables. For

all regression samples, mean attractiveness is around 0.5 with standard deviation of around 0.17,

thus we compute predicted probabilities for attractiveness values of 0.5 and 0.67.21 The results are

reported in Figure 2.

We can see that a one standard deviation increase in attractiveness increases the probability

of being at the top-three PhD programs, with combined increase of probability from 36 to 40

percent, while reducing the probability of being in the lowest three of our list of PhD programs,

with combined decrease of probability from 25 to 22 percent.

In terms of the type of the first job, we find that one standard deviation increase in attractive-

ness increases the probability that the first job is in the private sector from 9.5 to 13.5 percent, while

reducing the probability of getting first job in the government from 14.5 to 13.2 percent, leaving the

probability of first job in academia only marginally lower (from 76 to 73 percent). Among those in

academia, a one standard deviation increase in attractiveness improves the probability of getting a

first job in an above-median ranked institution from 52 to 59 percent, with corresponding decline

in the probability of getting a first job in an below-median ranked institution. The effect for the

last observed job being ranked above median is an increase from 47 to 54 percent. We can also see

that the better ranked is the institution, the larger is the impact of increased attractiveness. These

effects are not overwhelmingly large, but they are quite substantial in magnitude.

Finally, a one standard deviation increase in attractiveness corresponds to the probability of

citation count being in the top 4 deciles increasing from 0.4 to 0.49, which is quite large.

21Since sample varies for regressions evaluating different outcomes, we compute exact mean and standard deviation
of each regression sample, but differences are negligible.
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3.4 Robustness Tests

We conduct a number of robustness tests for our findings. Here we briefly discuss their results; all

the corresponding tables are in the Appendix.

First, in case our controls for the quality photographs are not sufficient, we conduct an addi-

tional test to establish that our results are not driven by reverse causality resulting from the quality

of the photographs, which might be correlated with the rank of the institution where the photo-

graph was taken. Since the last observed job was recorded in 2017, and photos were collected in

2011, the ranking of the institution in which a photo was taken is predetermined in the regressions

for the last observed job. Thus, in Table A7 we control for the ranking of the institution in which

the photo was taken. This should alleviate most concerns about the reverse causality. We find that

the effect of attractiveness is not affected by this control and that, instead, the rank of the first job

is no longer significant.22

Next, we verify that our results are not driven by a specific ranking of institutions. In the main

analysis we used 2019 rankings. It turns out that rankings change quite a bit from year to year.

To some extent, using percentiles instead of actual ranks automatically makes results less sensitive

to small perturbations in the rankings. However, to be sure that our results are not driven by any

specific institutions, we repeat our analysis with 2017 rankings. The results for the key regressions

are reported in Table A8. We can see that they are not different from the benchmark, with the

exception of the first regression, where the effect is not statistically significant.

We also test whether our results are driven by the exact empirical specification we chose. Our

approach is to re-estimate the key regressions using a different specification, including ordered logit

with 100 percentiles instead of deciles, OLS using raw rankings, and Ordered Probit using deciles.

We find that our results are robust to these specification changes (Tables A9– A11).

Next, we test whether specific sub-samples drive our results. First, we are concerned that,

because teaching is particularly important in business schools and the literature has found that

attractiveness predicts students’ evaluations (Sen et al., 2010), we test whether our results are

22Figure A1 in the Appendix shows that the ranking of the first job and the ranking of the institution that took
the photo are nearly perfectly correlated.

16



driven by business schools by removing them from the sample. Table A12 shows that our results

are largely unaffected by this change. It is also possible that there is a relationship between

attractiveness and the choice of specific field in economics and that academic success varies by

field. It has been shown, for instance, that citation counts vary across economic fields (Anauati

et al., 2016). To test for the possibility that our results are driven by specific fields, we include

field fixed effects in our regressions. We find that the results are not affected by this addition

(Table A13).

Another possibility is that a specific demographic is driving our results. Individuals that look

asian on the photographs constitute 17 percent of our sample. Figure A2 shows that individuals that

look asian tend to have different distributions of attractiveness scores when rated by predominantly

white AMT workers.23 To test whether this biases our result, we omit individuals that look asian

from our sample and re-estimate our key regressions. We find that the effects remain the same

for the remaining sample (Table A14). In another specification test we estimate the regressions

models on the full sample, but include an interaction term between attractiveness and an indicator

for “looking asian.” The interaction terms is not statistically significant (results are available upon

request).

Next, we test whether our treatment of survey responses has an important effect. In our main

analysis, because each respondent only rated a subset of the photos, we standardized all responses

across survey respondents so that each respondent mean and standard deviation are the same,

effectively removing respondents’ fixed effects. To test whether this adjustment is important, we re-

estimate our results with raw average attractiveness score across all respondents (Table A15). Note

that coefficients are expected to change because of the different scale of adjusted and unadjusted

variables. Qualitatively the effects are the same, but are less precisely estimated due to noise

introduced by raters’ fixed effects.

Finally, we explore whether the set of evaluators giving the appearance ratings matters for the

results we obtained. We want to know whether the results depend on the gender of the evaluators

23Data on race were extracted from the photographs by visual examination. For our purposes, this is a relevant
measure because this is how a person’s race is perceived by potential employers and colleagues. Only 8 individuals
in our sample were identified as looking black and 130 were identified as looking asian. Since there are only eight
black-looking individuals in our sample, the effect of looking black was never significant in any model.
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and whether they are robust to excluding unreliable evaluators.

Although the share of women graduates in economics is growing, men are still the majority

of faculty. In 2015, 81% of tenured or tenure-track faculty were men (McElroy, 2016). Men make

up a majority of the population assessing, responding to, and creating the environment in which

appearance is valued. Hence, we might expect appearance scores constructed only from men’s

ratings to have a larger effect on outcomes than overall or women-only ratings. We find this

prediction regarding the difference between male and female evaluators to be only partly true in

our data. We estimated our models using appearance scores given only by male or only by female

evaluators.24 We find that males’ assessment of appearance is significant in predicting the rank

of the PhD institution, while females’ assessment is not. However, for the job ranks and citations

we find no significant difference between the effect of males’ evaluations and the effect of female’s

evaluations of appearance (Table A16 and Table A17).

Our last set of tests discards ratings given by unreliable evaluators. We define reliable eval-

uators using a variation on Cronbach’s α (Cronbach, 1951). An evaluator is reliable if the sum

of square distance of each of his normalized rating from the mean rating by others is sufficiently

small. In this way, we identify 19 out of 241 evaluators as unreliable. The results when using only

reliable evaluators is practically identical to the results when using all evaluators (Table A18).

Overall, we are assured that our results are robust to empirical specification, additional con-

trols, and definitions of the measures we use.

4 Conclusion

This paper explores the role of scholars’ appearance on their hiring and publication success, and

finds that appearance matters. Attractiveness is related to educational achievements, to hiring, and

to publication outcomes. Specifically, more attractive individuals are more likely to graduate from

better ranked PhD institutions and are more likely to go to the private sector after completing their

PhDs. Among those going into academia, more attractive individuals are more likely to get both

24Recall that our evaluator sample has 52% women.
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initial and subsequent jobs at higher-ranked institutions, and produce more successful publications.

The differences are substantial in magnitude.

Why would graduates’ appearance be relevant for the hiring outcomes and, perhaps more sur-

prisingly, number of citations of their research papers? Stinebrickner et al. (2019) provide evidence

that the beauty wage premium for college graduates appears only in jobs where attractiveness

is likely to affect productivity, with large premiums existing with jobs that require interpersonal

interaction. Even though much academic work is conducted individually, appearance may influ-

ence success because labor market outcomes depend on human interactions. Hiring and citation

counts are likely to be affected by the success with which a paper was presented in seminars and

conferences. Moreover, good appearance might increase a person’s chances of being invited as a

co-author.

Are hiring committees simply using appearance as a proxy for future academic productivity?

They might in fact be correct in predicting the success of a candidate based on her looks. However,

hiring committees are probably not engaged in such reasoning. More likely, employers, even in

academia, may have a taste for looks, which is independent of their assessment of the candidates’

talent and productivity (Becker, 2010). The nature of the academic job requires human interactions,

and humans care about appearance. In this way, academia is not so different from other industries.
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Figure 1. Distribution of attractiveness of men and women
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Figure 2. Distribution of predicted probabilities across outcomes

0

0.05

0.1

0.15

1 2 3 4 5 6 7 8 9 10

PhD institution rank (1=highest)

Mean(attractive) Mean + 1 s.d. (attractive)

0

0.05

0.1

0.15

1 2 3 4 5 6 7 8 9 10

First job rank percentile (1=best)

Mean(attractive) Mean + 1 s.d. (attractive)

0

0.05

0.1

1 2 3 4 5 6 7 8 9 10

Current (2017) job rank percentile (1=best)

Mean(attractive) Mean + 1 s.d. (attractive)

0

0.05

0.1

0.15

1 2 3 4 5 6 7 8 9 10

Citations percentile (1=lowest)

Mean(attractive) Mean + 1 s.d. (attractive)

Table 1. Effect of attractiveness on PhD institution rank: ordered logit

(1) (2) (3)

Attractiveness score 0.445** 0.440** 0.440**

(0.163) (0.164) (0.164)

Professional photo factor 0.948

(0.079)

Smiling on the photo factor 0.906

(0.155)

Large photo factor 1.079

(0.383)

Cohort dummies No Yes Yes

Observatons 752 752 752

Pseudo R2 0.001 0.002 0.002

Notes: Dependent variable is the rank of PhD institution with best institution ranked 1. Coefficients are reported
in exponential form with 1 indicating no effect. Cutoff estimates are omitted, but available upon request. Standard
errors are in parentheses.

25



Table 2. Effect of attractiveness on the type of first job: multinomial logit

(1) (2)

Job type is “academic”

Attractiveness score 0.173** 0.179**

(0.133) (0.137)

Rank of PhD institution 1.004 1.004

(0.010) (0.010)

Constant term 17.01*** 17.47***

(8.151) (8.386)

Job type is “government”

Attractiveness score 0.081*** 0.097**

(0.076) (0.091)

Rank of PhD institution 1.003 1.004

(0.012) (0.013)

Constant term 5.128*** 4.627***

(2.915) (2.630)

Photo quality factors No Yes

Observations 636 636

Pseudo R2 0.008 0.031

Notes: Dependent variable is type of first job. Omitted category is “private.” Coefficients are reported in exponential
form with 1 indicating no effect. Standard errors are in parentheses.
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Table 3. Effect of attractiveness on the rank of first job: ordered logit

(1) (2) (3)

Attractiveness score 0.251*** 0.236***

(0.134) (0.127)

Rank of PhD institution 1.029*** 1.027*** 1.028***

(0.007) (0.007) (0.007)

Professional photo factor 1.173

(0.131)

Smiling on the photo factor 1.113

(0.280)

Large photo factor 1.298

(0.612)

Obserbvations 388 388 388

Pseudo R2 0.011 0.015 0.017

Notes: Dependent variable is the rank of first job institution (academic institutions only). Cohort dummies included
in all regressions but not reported. Coefficients are reported in exponential form with 1 indicating no effect. Cutoff
estimates are omitted, but available upon request. Standard errors are in parentheses.
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Table 4. Effect of attractiveness on the rank of last observed job: ordered logit

(1) (2) (3)

Attractiveness score 0.219** 0.219**

(0.135) (0.135)

Rank of PhD institution 1.015* 1.014* 1.014*

(0.008) (0.008) (0.008)

Rank of first job institution 1.007*** 1.007*** 1.007***

(0.001) (0.001) (0.001)

Professional photo factor 0.960

(0.126)

Smiling on the photo factor 1.094

(0.320)

Large photo factor 0.565

(0.296)

Observations 299 299 299

Pseudo R2 0.089 0.093 0.094

Notes: Dependent variable is deciles of the rank of last observed job institution (academic institutions only). Cohort
dummies included in all regressions but not reported. Coefficients are reported in exponential form with 1 indicating
no effect. Cutoff estimates are omitted, but available upon request. Standard errors are in parentheses.
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Table 5. Effect of attractiveness on the number of citations: ordered logit

(1) (2) (3) (4)

Attractiveness score 2.636* 2.832* 4.661***

(1.445) (1.559) (2.627)

Rank of PhD institution 0.950*** 0.950*** 0.951*** 0.953***

(0.007) (0.007) (0.007) (0.008)

Rank of first job institution 0.997*** 0.997*** 0.997*** 0.997***

(0.001) (0.001) (0.001) (0.001)

Professional photo factor 1.140 1.099

(0.137) (0.133)

Smiling on the photo factor 0.738 0.836

(0.192) (0.218)

Large photo factor 1.213 1.090

(0.596) (0.551)

Total number of publications 1.020***

(0.002)

Observations 354 354 354 354

Pseudo R2 0.068 0.069 0.071 0.153

Notes: Dependent variable is deciles of the number of citations. Cohort dummies included in all regressions but not
reported. Coefficients are reported in exponential form with 1 indicating no effect. Cutoff estimates are omitted, but
available upon request. Standard errors are in parentheses.
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Table 6. Effect of attractiveness on the rank of last observed job: ordered logit, controlling for
productivity

(1) (2) (3)

Attractiveness score 0.206** 0.264** 0.243**

(0.128) (0.164) (0.152)

Publications 0.997*** 0.998

(0.001) (0.001)

Citations 1.000*** 1.000***

(0.000) (0.000)

Rank of PhD institution 1.012 1.006 1.007

(0.008) (0.009) (0.009)

Rank of first job institution 1.007*** 1.007*** 1.007***

(0.001) (0.001) (0.001)

Professional photo factor 0.981 0.969 0.971

(0.130) (0.129) (0.130)

Smiling on the photo factor 1.073 1.006 1.011

(0.313) (0.295) (0.297)

Large photo factor 0.665 0.638 0.675

(0.350) (0.334) (0.355)

Observations 299 299 299

Pseudo R2 0.100 0.106 0.107

Notes: Dependent variable is deciles of the rank of last observed job institution (academic institutions only). Cohort
dummies included in all regressions but not reported. Coefficients are reported in exponential form with 1 indicating
no effect. Cutoff estimates are omitted, but available upon request. Standard errors are in parentheses.
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Appendix A Additional Tables and Charts

Figure A1. Rank of first institution and Rank of photo institution, bin-scatter plot
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Figure A2. Distribution of attractiveness by whether individuals look asian
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Table A1. Number of observations

N

Full sample of Phd graduates 986

Attractive score 752

Type of first job 636

Rank of first job 388

Citations 354

Rank of last observed job 299

Rank of photo institution 278
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Table A2. Descriptive statistics: graduates

mean sd min max count

Attractive 0.50 0.17 0.08 0.94 752

Female 0.24 0.43 0.00 1.00 752

Asian 0.17 0.38 0.00 1.00 752

Cohort graduation year 2004 1.45 1999 2006 752

Devel/Growth 0.07 0.26 0.00 1.00 752

Econometrics 0.04 0.20 0.00 1.00 752

Finance 0.11 0.32 0.00 1.00 752

IO 0.07 0.25 0.00 1.00 752

International 0.08 0.27 0.00 1.00 752

Labor 0.13 0.34 0.00 1.00 752

Macro 0.10 0.30 0.00 1.00 752

Micro/Theory 0.21 0.41 0.00 1.00 752

Public 0.04 0.20 0.00 1.00 752

Other 0.14 0.35 0.00 1.00 752

Professional photo factor -0.00 0.78 -1.34 0.92 752

Smiling photo factor 0.00 0.40 -1.74 0.71 752

Large photo factor 0.00 0.20 -0.55 0.67 752

Attractive (raw score) 4.60 1.21 1.67 8.78 752

Attractive (by reliable raters) 0.50 0.18 0.08 0.98 752

Rank of PhD institution 16.70 13.18 1.00 39.00 752

First job is academic 0.75 0.44 0.00 1.00 636

First job is government 0.15 0.36 0.00 1.00 636

First job is private 0.10 0.31 0.00 1.00 636

Rank of first job 148.19 193.63 1.00 949.00 388

Rank of current (2017) job 171.28 196.45 1.00 949.00 299

Current (2017) job is academic 1.00 0.00 1.00 1.00 299

Citations 2103.51 201.36 0.00 31613.00 299

Publictions 77.62 100.30 1.00 1000.00 299

Rank of photo institution 146.00 193.28 1.00 827.00 278
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Table A3. Descriptive statistics: raters

mean sd min max

Female 0.52 0.50 0 1

Age 33.26 10.89 18 71

Years of education 15.22 2.44 9 20

Photographs rated 50.71 59.75 1 905

N 241

Table A4. Descriptive statistics: photograph characteristics

All Photos Men’s Photos Women’s Photos

mean sd mean sd mean sd

Large photo 0.11 0.31 0.12 0.32 0.08 0.27

Small Photo 0.04 0.20 0.04 0.18 0.05 0.23

Smiling 0.56 0.50 0.51 0.50 0.71 0.45

At home 0.32 0.47 0.33 0.47 0.30 0.46

Professional photo 0.34 0.47 0.35 0.48 0.32 0.47

Business attire 0.72 0.45 0.73 0.44 0.67 0.47

N 752 568 184
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Table A5. Models predicting attractiveness based on photo properties and perceived race

(1) (2) (3)

All Men Women

Woman 0.143***

(0.014)

Large photo 0.050*** 0.056*** 0.001

(0.019) (0.020) (0.049)

Small photo 0.049 0.066* 0.029

(0.030) (0.036) (0.058)

Smiling 0.015 0.006 0.050*

(0.012) (0.013) (0.029)

At home 0.022 0.029* 0.012

(0.015) (0.018) (0.032)

Business attire 0.000 0.000 -0.005

(0.014) (0.017) (0.029)

Professional photo 0.010 0.002 0.045

(0.014) (0.016) (0.032)

Asian -0.093*** -0.076*** -0.142***

(0.015) (0.017) (0.032)

Constant 0.443*** 0.441*** 0.581***

(0.020) (0.023) (0.042)

N 752 568 184

R2 0.197 0.084 0.142

Adjusted R2 0.183 0.066 0.087

* denotes significance at 10%; ** denotes significance at 5%; *** denotes significance at 1%.

Table A6. Results from rotated factor analysis: photo characteristics

Factor1(professional) Factor2(smiling) Factor3(large) Uniqueness

Small photo 0.0282 -0.2760 -0.0829 0.9161

Large photo -0.0923 0.1223 0.1600 0.9509

Business attire 0.5328 0.0796 -0.0517 0.7071

At home -0.6810 0.0982 0.0274 0.5258

Professional photo 0.6025 0.0919 0.0435 0.6266

Smiling -0.0031 0.2501 -0.0392 0.9359
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Table A7. Effects of attractiveness (ordered logit): controlling for rank of institution where photo
was taken

Dependent variable Current job Citations

(1) (2)

Attractiveness score 0.218** 5.699***

(0.139) (3.463)

Rank of PhD institution 1.015* 0.953***

(0.009) (0.008)

Rank of first job institution 1.001 0.998**

(0.001) (0.001)

Rank of photo-taking institution 1.016*** 0.999*

(0.002) (0.001)

Professional photo factor 1.035 1.090

(0.143) (0.145)

Smiling on the photo factor 1.295 0.805

(0.381) (0.224)

Large photo factor 0.652 1.177

(0.350) (0.628)

Total number of publications 1.021***

(0.003)

Observations 278 307

Pseudo R2 0.223 0.161

Notes: Dependent variables are: deciles of last observed job rank, deciles of the number of citations. Cohort dummies
included in all regressions but not reported. Coefficients are reported in exponential form with 1 indicating no effect.
Cutoff estimates are omitted, but available upon request. Standard errors are in parentheses.
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Table A8. Effects of attractiveness (ordered logit): using 2017 institution rankings

Dependent variable PhD inst. First job Current job Citations

(1) (2) (3) (4)

Attractiveness score 0.860 0.177*** 0.187*** 5.505***

(0.322) (0.085) (0.102) (2.931)

Professional photo factor 0.938 1.107 0.797** 1.086

(0.078) (0.111) (0.090) (0.122)

Smiling on the photo factor 0.878 1.355 1.342 0.805

(0.149) (0.314) (0.346) (0.205)

Large photo factor 0.980 1.019 0.735 0.792

(0.351) (0.415) (0.327) (0.368)

Rank of PhD institution 1.077*** 1.070*** 0.881***

(0.020) (0.023) (0.019)

Rank of first job institution 1.009*** 0.996***

(0.001) (0.001)

Total number of publications 1.021***

(0.002)

Observations 752 474 404 404

Pseudo R2 0.002 0.015 0.121 0.15

Notes: Dependent variables are: deciles of last observed job rank, deciles of the number of citations. Cohort dummies
included in all regressions but not reported. Coefficients are reported in exponential form with 1 indicating no effect.
Cutoff estimates are omitted, but available upon request. Standard errors are in parentheses.
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Table A9. Effects of attractiveness: 100 percentiles

Dependent variable PhD inst. First job Current job Citations

(1) (2) (3) (4)

Attractiveness score 0.461** 0.304** 0.291** 2.725*

(0.175) (0.165) (0.181) (1.544)

Professional photo factor 0.945 1.184 1.018 1.124

(0.079) (0.133) (0.134) (0.135)

Smiling on the photo factor 0.959 1.014 1.036 0.806

(0.166) (0.259) (0.301) (0.203)

Large photo factor 0.983 1.351 0.646 1.202

(0.353) (0.635) (0.335) (0.588)

Rank of PhD institution 1.028*** 1.014* 0.957***

(0.007) (0.008) (0.007)

Rank of first job institution 1.007*** 0.997***

(0.001) (0.001)

Total number of publications 1.011***

(0.001)

Observations 752 388 299 354

Pseudo R2 0.010 0.012 0.057 0.069

Notes: Dependent variables are: PhD institution rank, percentiles of first job rank, percentiles of last observed job
rank, percentiles of the number of citations. Cohort dummies included in all regressions but not reported. Coefficients
are reported in exponential form with 1 indicating no effect. Standard errors are in parentheses.
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Table A10. Effects of attractiveness: OLS

Dependent variable PhD inst. First job Current job Citations

(1) (2) (3) (4)

Attractiveness score -4.960* -2.243*** -1.638* 1.285*

(2.822) (0.852) (0.840) (0.708)

Professional photo factor -0.315 0.250 -0.069 0.103

(0.624) (0.183) (0.187) (0.152)

Smiling on the photo factor -0.173 0.114 -0.076 -0.229

(1.315) (0.399) (0.409) (0.336)

Large photo factor -0.166 0.439 -0.831 -0.059

(2.705) (0.756) (0.739) (0.624)

Rank of PhD institution 0.047*** 0.025** -0.061***

(0.011) (0.011) (0.009)

Rank of first job institution 0.008*** -0.004***

(0.001) (0.001)

Total number of publications 0.011***

(0.001)

Constant 7.193 7.150*** 5.237*** 4.782***

(13.343) (1.230) (0.587) (0.522)

Observations 752 388 299 354

Pseudo R2 -0.007 0.052 0.275 0.399

Notes: Dependent variables are: PhD institution rank, deciles of first job rank, deciles of last observed job rank,
deciles of the number of citations. Cohort dummies included in all regressions but not reported. Standard errors are
in parentheses.
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Table A11. Effects of attractiveness: Ordered probit models

Dependent variable PhD inst. First job Current job Citations

(1) (2) (3) (4)

Attractiveness score 0.661* 0.410*** 0.406** 2.133**

(0.145) (0.128) (0.145) (0.711)

Professional photo factor 0.988 1.094 0.968 1.052

(0.048) (0.073) (0.076) (0.075)

Smiling on the photo factor 0.918 1.051 1.005 0.928

(0.093) (0.153) (0.174) (0.147)

Large photo factor 1.076 1.187 0.724 0.942

(0.225) (0.327) (0.226) (0.278)

Rank of PhD institution 1.017*** 1.009* 0.972***

(0.004) (0.005) (0.004)

Rank of first job institution 1.004*** 0.998***

(0.000) (0.000)

Total number of publications 1.010***

(0.001)

Observations 752 388 299 354

Pseudo R2 0.002 0.017 0.086 0.143

Notes: Dependent variables are: PhD institution rank, deciles of first job rank, deciles of last observed job rank,
deciles of the number of citations. Cohort dummies included in all regressions but not reported. Coefficients are
reported in exponential form with 1 indicating no effect. Standard errors are in parentheses.
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Table A12. Effects of attractiveness (ordered logit): excluding business schools

Dependent variable PhD inst. First job Current job Citations

(1) (2) (3) (4)

Attractiveness score 0.519* 0.199*** 0.192** 4.142**

(0.199) (0.113) (0.123) (2.415)

Professional photo factor 0.988 1.235* 0.974 1.062

(0.084) (0.145) (0.133) (0.135)

Smiling on the photo factor 0.891 1.189 1.081 0.850

(0.156) (0.315) (0.334) (0.235)

Large photo factor 1.104 1.296 0.535 1.011

(0.399) (0.626) (0.288) (0.530)

Rank of PhD institution 1.027*** 1.015* 0.953***

(0.007) (0.008) (0.008)

Rank of first job institution 1.007*** 0.997***

(0.001) (0.001)

Total number of publications 1.020***

(0.002)

Observations 721 360 281 329

Pseudo R2 0.002 0.018 0.091 0.155

Notes: Dependent variables are: PhD institution rank, deciles of first job rank, deciles of last observed job rank,
deciles of the number of citations. Cohort and field dummies included in all regressions but not reported. Coefficients
are reported in exponential form with 1 indicating no effect. Cutoff estimates are omitted, but available upon request.
Standard errors are in parentheses.
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Table A13. Effects of attractiveness (ordered logit): controlling for fields

Dependent variable PhD inst. First job Current job Citations

(1) (2) (3) (4)

Attractiveness score 0.461** 0.246** 0.255** 3.417**

(0.175) (0.135) (0.162) (1.998)

Professional photo factor 0.945 1.173 0.990 1.074

(0.079) (0.133) (0.133) (0.133)

Smiling on the photo factor 0.959 1.013 1.035 0.893

(0.166) (0.262) (0.305) (0.234)

Large photo factor 0.983 1.318 0.664 0.992

(0.353) (0.628) (0.352) (0.506)

Rank of PhD institution 1.029*** 1.014* 0.953***

(0.007) (0.008) (0.008)

Rank of first job institution 1.007*** 0.997***

(0.001) (0.001)

Total number of publications 1.020***

(0.002)

Observations 752 388 299 354

R2 0.010 0.024 0.102 0.162

Notes: Dependent variables are: PhD institution rank, deciles of first job rank, deciles of last observed job rank,
deciles of the number of citations. Cohort and field dummies included in all regressions but not reported. Coefficients
are reported in exponential form with 1 indicating no effect. Cutoff estimates and field fixed effects are omitted, but
available upon request. Standard errors are in parentheses.
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Table A14. Effects of attractiveness (ordered logit): non-asian

Dependent variable PhD inst. First job Current job Citations

(1) (2) (3) (4)

Attractiveness score 0.470* 0.236*** 0.219** 4.661***

(0.192) (0.127) (0.135) (2.627)

Professional photo factor 0.917 1.173 0.960 1.099

(0.084) (0.131) (0.126) (0.133)

Smiling on the photo factor 0.988 1.113 1.094 0.836

(0.183) (0.280) (0.320) (0.218)

Large photo factor 1.103 1.298 0.565 1.090

(0.431) (0.612) (0.296) (0.551)

Rank of PhD institution 1.028*** 1.014* 0.953***

(0.007) (0.008) (0.008)

Rank of first job institution 1.007*** 0.997***

(0.001) (0.001)

Total number of publications 1.020***

(0.002)

Observations 623 388 299 354

Pseudo R2 0.002 0.017 0.094 0.153

Notes: Dependent variables are: PhD institution rank, deciles of first job rank, deciles of last observed job rank,
deciles of the number of citations. Sample is limited to individuals who do not look asian on the photographs. Cohort
dummies included in all regressions but not reported. Coefficients are reported in exponential form with 1 indicating
no effect. Cutoff estimates are omitted, but available upon request. Standard errors are in parentheses.
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Table A15. Effects of attractiveness (ordered logit): raw attractiveness score

Dependent variable PhD inst. First job Current job Citations

(1) (2) (3) (4)

Raw attractiveness score 0.895** 0.830** 0.876 1.162*

(0.048) (0.065) (0.077) (0.095)

Professional photo factor 0.953 1.182 0.971 1.083

(0.079) (0.133) (0.128) (0.131)

Smiling on the photo factor 0.894 1.096 1.057 0.865

(0.152) (0.276) (0.309) (0.226)

Large photo factor 1.072 1.257 0.568 1.109

(0.381) (0.590) (0.297) (0.560)

Rank of PhD institution 1.028*** 1.014* 0.953***

(0.007) (0.008) (0.008)

Rank of first job institution 1.007*** 0.997***

(0.001) (0.001)

Total number of publications 1.020***

(0.002)

Observations 752 388 299 354

Pseudo R2 0.002 0.016 0.091 0.150

Notes: Dependent variables are: PhD institution rank, deciles of first job rank, deciles of last observed job rank,
deciles of the number of citations. Sample is limited to non-asian. Cohort dummies included in all regressions but
not reported. Coefficients are reported in exponential form with 1 indicating no effect. Cutoff estimates are omitted,
but available upon request. Standard errors are in parentheses.
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Table A16. Effects of attractiveness (ordered logit): male raters only

Dependent variable PhD inst. First job Current job Citations

(1) (2) (3) (4)

Attractiveness score (male raters) 0.370*** 0.237*** 0.231** 5.607***

(0.130) (0.119) (0.132) (2.990)

Professional photo factor 0.948 1.174 0.955 1.108

(0.079) (0.132) (0.126) (0.135)

Smiling on the photo factor 0.915 1.107 1.076 0.835

(0.156) (0.280) (0.315) (0.218)

Large photo factor 1.067 1.266 0.565 1.085

(0.380) (0.595) (0.296) (0.548)

Rank of PhD institution 1.028*** 1.014* 0.954***

(0.007) (0.008) (0.008)

Rank of first job institution 1.007*** 0.997***

(0.001) (0.001)

Total number of publications 1.020***

(0.002)

Observations 750 387 298 353

Pseudo R2 0.003 0.017 0.093 0.157

Notes: Dependent variables are: PhD institution rank, deciles of first job rank, deciles of last observed job rank,
deciles of the number of citations. Cohort dummies included in all regressions but not reported. Coefficients are
reported in exponential form with 1 indicating no effect. Cutoff estimates are omitted, but available upon request.
Standard errors are in parentheses.
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Table A17. Effects of attractiveness (ordered logit): female raters only

Dependent variable PhD inst. First job Current job Citations

(1) (2) (3) (4)

Attractiveness score (female raters) 0.580 0.270*** 0.318** 3.359**

(0.194) (0.133) (0.180) (1.711)

Professional photo factor 0.949 1.151 0.946 1.111

(0.079) (0.129) (0.124) (0.135)

Smiling on the photo factor 0.894 1.110 1.093 0.845

(0.153) (0.279) (0.320) (0.221)

Large photo factor 1.094 1.326 0.559 1.099

(0.389) (0.628) (0.293) (0.555)

Rank of PhD institution 1.028*** 1.014* 0.953***

(0.007) (0.008) (0.008)

Rank of first job institution 1.007*** 0.997***

(0.001) (0.001)

Total number of publications 1.020***

(0.002)

Observations 752 388 299 354

Pseudo R2 0.002 0.017 0.093 0.152

Notes: Dependent variables are: PhD institution rank, deciles of first job rank, deciles of last observed job rank,
deciles of the number of citations. Cohort dummies included in all regressions but not reported. Coefficients are
reported in exponential form with 1 indicating no effect. Cutoff estimates are omitted, but available upon request.
Standard errors are in parentheses.
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Table A18. Effects of attractiveness (ordered logit): reliable raters only

Dependent variable PhD inst. First job Current job Citations

(1) (2) (3) (4)

Attractiveness score (reliable) 0.434** 0.253*** 0.235** 4.079***

(0.156) (0.130) (0.139) (2.200)

Professional photo factor 0.946 1.170 0.957 1.099

(0.079) (0.131) (0.126) (0.133)

Smiling on the photo factor 0.910 1.116 1.096 0.836

(0.156) (0.281) (0.320) (0.218)

Large photo factor 1.078 1.294 0.562 1.100

(0.383) (0.610) (0.295) (0.555)

Rank of PhD institution 1.028*** 1.014* 0.953***

(0.007) (0.008) (0.008)

Rank of first job institution 1.007*** 0.997***

(0.001) (0.001)

Total number of publications 1.020***

(0.002)

Observations 752 388 299 354

Pseudo R2 0.002 0.017 0.094 0.153

Notes: Dependent variables are: PhD institution rank, deciles of first job rank, deciles of last observed job rank,
deciles of the number of citations. Cohort dummies included in all regressions but not reported. Coefficients are
reported in exponential form with 1 indicating no effect. Cutoff estimates are omitted, but available upon request.
Standard errors are in parentheses.
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